Learning Color Names from Real-World Images
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Conclusions
Color name  Results indicate that color names can be learned from weakly labeled images returned from Google Image search.
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 Results show that color names returned from Google image outperform color names derived from human-named color
chips. Pixel classification results improve by 17 % compared to chip-based color naming.

Images retrieved with Google image - We illustrate that color naming based on Google images is flexible in the set of basic color terms.




